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Since the increase in the depth of groundwater and its intensification can indicate
serious limitations in the exploitation of these resources, predicting the changes of
this parameter plays an important role in managing these resources and preventing
possible damage to them. For this purpose, the use of smart methods has been
strongly recommended by researchers. In this research, the methods of multilayer
perceptron neural network (MLP), fuzzy inference system (fis), adaptive neural
fuzzy inference system (ANFIS), and the combined method of fuzzy neural
inference system and particle swarm optimization (ANFIS-PSO) were used for
simulation of groundwater Fluctuations depth in Haji Abad area between March
1995 to October 2022 on a monthly scale. The training and testing phases were
done with 75 and 25 percent of data, respectively. To measure the accuracy of the
models, root mean square error (RMSE), mean absolute percentage error (MAPE)
and mean absolute value of error (MAE) indices were used. The best results in the
training phase are related to ANFIS-PSO, ANFIS, and MLP models, respectively.
Simultaneously with the training of the mentioned models, the testing stage of said
models was also implemented. Finally, the best results in this stage belonged to the
neural network model with time delay [1 3 5], the ANFIS-PSO model with time
delay [1 2 3], and the neural network model with time delay [1 2], respectively. The
accuracy indices in the test stage for the best models are (0.1871, 0.1865, 0.1857)
for RMSE, (0.7402, 0.6715, 0.6684) for MAPE, and (0.1326, 0.1238, 0.1198) for
MAE, respectively. These values show that all three models have an error of less
than 20 cm, an error percentage of less than 0.75%, and an absolute error of less
than 14 cm, which indicates the acceptable accuracy of these models. Also, the
coefficient of determination obtained from the regression relationship of the
calculated and measured values of the groundwater depth in the test phase for all
three models is around 0.82, which indicates a relatively high linear relationship
between these two parameters.
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EXTENDED ABSTRACT

Introduction: Over the past years, with the progress of mathematical and engineering science, intelligent
methods have taken the place of classical ones in the simulation of phenomena. In this regard, many researchers
have compared intelligent methods including neural networks, fuzzy systems, etc., with methods such as
ARIMA and SARIMA in the analysis of time series. As a result, intelligent methods were evaluated as more
accurate methods than the classical ones, and the use of these methods was recommended. Therefore, we are
now extensively witnessing the usage of these methods in different branches of sciences such as natural
resources, agriculture and meteorology, etc. One of the applications of intelligent methods is in the field of
groundwater management. The concept of water table fluctuations is one of the important and basic issues in
agricultural planning, water resource management, and determining crop water requirements. Moreover, the
excessive extraction of groundwater causes a sharp drop in the groundwater level, which will increase the risk of
land subsidence. So, an accurate prediction of the groundwater depth and its fluctuations is important for the
management of these resources and the prevention of some destructive risks.

Methodology: In this research, the simulation of groundwater depth fluctuations has been done in Haji Abad
aquifer using some artificial intelligence models. The aquifer is located in the southeast of Darab city in Fars
province. The applied models consist of a Multilayer Perceptron Neural Network (MLP), Fuzzy Inference System
(FIS), Adaptive Neural Fuzzy Inference System (ANFIS), and the combined method of Fuzzy Neural Inference
System and Particle Swarm Optimization method (ANFIS-PSO). First, to create the input data file, the time series
data related to the piezometric wells have been collected in the period of March 1995 to October 2022 and the
average depth of groundwater depth in this time period has been calculated based on the k-Means clustering
method. In the present study, considering that the prediction of the groundwater depth in the present time will be
done based on the time delays of this variable in the past, the input data of the models has been created in the form
of a time delay matrix. After that, the training step of the models has been done by adjusting the most important
parameters of each model based on an iterative algorithm. This algorithm provides the best values for the
parameters, which will lead to the most accurate results in the test step. To measure the accuracy of the models, the
indices of root mean square error (RMSE), mean absolute percentage error (MAPE), and mean absolute value of
error (MAE) were used. After running the models based on different time delay matrices, the obtained results were
compared with each other and as a result, the most efficient models in the prediction of groundwater fluctuations in
the mentioned area were introduced. The superior models generally had their best efficiency in a certain time delay
matrix. The purpose of this research is to know the pattern of groundwater depth changes in the aquifer of this
region and then predict the future changes in the mentioned aquifer.

Results and Discussion: The results (Table 1) showed that in the training step, the first rank belongs to the
combined method of fuzzy-neural inference system and particle swarm optimization method with time delay [1 2
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3] and the error indices 0.1994 for RMSE, 0.9366 for MAPE and 0.1397 for MAE. The second rank has been
assigned to the adaptive neural fuzzy inference system with time delay [1], in which the values of the error indices
are 0.2162, 0.9622, and 0.1431 for RMSE, MAPE, and MAE, respectively. Finally, the third rank is the multi-layer
perceptron artificial neural network model with time delay [1 2] with RMSE of 0.2750, MAPE of 1.1752, and an
absolute average error of 0.1721. In the testing step, the best results were for the MLP model with time delay [1 3
5], the ANFIS-PSO model with time delay [1 2 3], and the MLP model with time delay [1 2], as the first three
ranks, respectively. For the mentioned superior models, the error indices are (0.1871, 0.1865, 0.1857) for RMSE,
(0.7402, 0.6715, 0.6684) for MAPE, and (0.1326, 0.1238, 0.1198) for MAE, respectively.

Table 1- The Model’s ranking and model’s accuracy in the training and testing steps for each delay

Row  Delay  Superior Model Train step Test step
MAPE MAE Ra RMSE MAPE MAE Rank
1 [1] ANFIS 0.2162 0.9622 0.1431 2 0.1907 0.7792 0.1389 4
2 [2] MLP 25939 11871 19761 10 0.2829 1.1272 0.2103 7
3 [3] MLP 0.6653 3.3401 0.495%6 8 0.3353 1.2959 0.8050 10
4 [1 2] MLP 0.2750 11752 0.1721 3 0.1871 0.7402 0.1326 3
5 [2 3] MLP 24849 11580 19111 9 0.2728 1.0665 0.1909 6
6 [3 4] MLP 0.5674 25792 0.3898 5 0.3137 1.2342 0.2202 8
7 [1 2 3] ANFIS-PSO 0.1994 09366 0.1397 1 0.1865 0.6715 0.1238 2
8 [2 34] MLP 0.5848 2.6900 0.4128 6 0.2708 0.953 0.1964 5
9 [3 4 5] MLP 0.6146 3.0526 0.4597 7 0.3263 1.1969 0.2148 9
10 [1 3 5] MLP 0.2831 13033 0.1909 4 0.1857 0.6684 0.1198 1

Conclusion: The best results in the training step are related to ANFIS-PSO, ANFIS, and MLP models,
respectively. Simultaneously with the training of the models, the testing step was also implemented. Finally, the
best results for the testing step were MLP, ANFIS-PSO, and MLP, respectively. The accuracy indices in the
testing step for the best models are (0.1871, 0.1865, 0.1857) for RMSE, (0.7402, 0.6715, 0.6684) for MAPE,
and (0.1326, 0.1238, 0.1198) for MAE, respectively. These values show that all three models have an error of
less than 20 cm, an error percentage of less than 0.75%, and an absolute error of less than 14 cm, which
indicates the acceptable accuracy of these models. Besides, the coefficient of determination obtained from the
regression analysis between calculated and measured values of the groundwater depth for all three models is
around 0.82, which indicates a relatively strong linear relationship between these two variables. Moreover, the
results showed that more than 80% of the data had an error of less than 20 cm in the prediction.
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Figure 1- Isopotential Contour map and Geographical location of the research site in Fars province
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Figure 2- The average variation of groundwater depth in the case study region


https://dor.isc.ac/dor/20.1001.1.24235970.1402.11.4.3.5
https://jircsa.ir/article-1-511-en.html

[ Downloaded from jircsa.ir on 2026-02-20 ]

[ DOR: 20.1001.1.24235970.1402.11.4.3.5]

(VEY ) als o o)led) oyl 58T ol salolw A

2 claizS oy 8 oLl 3)9e gl g Sload 03l i abgye (sla) el )b 538 @l Jgax e (Jae 2l )b 2

Slos Dbl (sl e (slogy i (58,5515 13 b cygasl dlose )3 e (o yige dlad (gl el duslio oll ol

Jie 5 (bl (s jlb gl s ()16 gliinl s Y S Gy (as 4Sud Gy, asl ) wad Gl
ool 043 030 g patie jokar )5 pldjl (giludisry (B9 5 (el ras— ) gl e (15

WY N (9w (Sohae (vas S

Ky gy (sras 4w Sy gl o e gy (Sobas (was el | gy daY wa gy (ras Sl
s &bl gg cpl 2 sl (2o AY Sl A (W L) S aedgpy 4Y ol S e 4 aw JBhe Jols Y
el JS8 cran 4 )8 (9o oolial (leis) o sloaY slaiedgyg plyiedr 639)9) Jol 4Y laizg S Sl (sghas
)8 ool 3,90 (295 &Y (slodg)s (st ol Y (AT sl g S Y Sl (ol oluss I g a5 Sloj b S oo lag
7 ookl bl g gy I lasgeme ol Y ST gy (v sraSid il Y Wa gy (aaSLS )5 e
2 ol (6350 QUG (oas b g (S (nieke +Nisd laS e &b 650k 5 Ghigel sl il & At
328 (V) 5 (1) sloalaly 25 pasipo aSid ) s lire b A8 oy spsb oy asuiie (550 p2)sS S ol
A0 0 iy |y (ovas S Sl g ol 3 SOk

s> sloShg 3

RV PR ¥
ol @Y

5399 &Y 29> &Y

Y X (9w (EPRa0 (omal dud S HLE L Y JSUS
Figure 3- Structure of MLP model

! U’J)?"T el J>|)A 2 dSu.w u_'>5)> Yy 9 odld dlu n 4“639)5 )l.)).g X ‘U)? 49.]5.0 W ledJaJl) L)”l 2

o _ 1 i

w_ n ?:1 2x! (yllJ _YL%) ()
—w_ pI

w=w-p_— (v)

S Jlasl ya (glys b o Ll a5 ) (Jol 4Y Cuomws 4 (293 AY ) GogSan Sygods ] lade dad awle I
Loy ccud b € Lol papte 5l eolainl b .uiS o s s ialS Can )3 59 s lade s b oo duwle s LIS
953 s 45 Ghigel 3 Ll g w2)sS (i5u (niekes st ol Wgbise (Slojen Y A (gt (oras 4K

L Multi Layer Perceptron Neural Network
2 Feed Forward Atrtificial Neural Network


https://dor.isc.ac/dor/20.1001.1.24235970.1402.11.4.3.5
https://jircsa.ir/article-1-511-en.html

[ Downloaded from jircsa.ir on 2026-02-20 ]

[ DOR: 20.1001.1.24235970.1402.11.4.3.5]

ra e Showdgh B0 31 83wl b w15 T Bos Clilwgd giw s

(ANFIS) _idsi omas— ¢ 38 g bikinn! o 5 (FIS) (5318 g Uisen! immmpus

g o2y S5 4 1) mieon 8 (336 ) oudlie b 905 (335 L] .05 wl,| (Zadeh, 1965) o) Luwss )l sl 656 (slaie
ly o] bawgs (556 (sladsgoma (Byme 29l wald lisebol i baylpd ) (658 ranal g glittisl Yl (gl 1) Al 9 48" gy
&L (38 deserme Sy sl cuils b 5SS cpl gy a3 5 (53 Cuslad pas lid 4 3959 53 pa5 sl Slsn s
Dgd e Olo pj Copod &5 Sy g Hho (m plie b Cunl (b Cogas

Ha:X - [0,1] (")

fem Cawl X p0lio

A= {(x,ps(0)|x e X} (¥)

by 5l ol g 5 Sy Sy g yho o ol e 45 300 030l A (536 dsgazee (MF) cygie ol Pa(X)
oS sl (saialp (656 gl plus S A w55 g gladjed (e gl S &3S 0 0 0 ) st SIS
leyiehl 5 calps Jold wlgs ol sl 3 w0k @ls Sogots (ST S) (3 lgd Sl ealisal L) ] s JY ol
Sl plate ol (sl D95 aye5 gl 5 SVl (gl (2Yh €8 5l joShe pluw &5 Bgd e (SeSa Sl &5 s
Crl 3 905 (Byme ) Cunl (rae &b g (616 e | (oS 5 & (ubl (vae (5 gl e Sl et gl (VAAY)
o Gl O S s )3 g g oo Cugis omas 4Sed bjgal (slapts )l ) edlitel b (3l (slaptans oiilgd (b,
Copde (S350 (Sidarin gree bl iledde )3 1) (VL CullB (pas 4Sud o 34 ©)8 L (5B e
i o 5,5 b Nayak et al., 2004; Kisi, 2009) 123 co apiuw ool 0+ - g Blro Cgwy Jb 3905 g bt 1 (6130 00
g Ol 5 JSB 4Ty (658 s SelgB (V) (295 S g X2 9 X1 (556 (53959 9 b (58

Rule 1:If x, is A and x, is B;,Theny, = p.x; +q1.x, + 1y ()

Rule 2:1f x, is A, and x, is B,,Theny, = p,.x1 + q.x, + 1, )

KV P31t JJ.A Lg[m)';n‘)l,; Mg QeP .Lwn X2 g X1 dL“’L539)9 4 ]o%)n 3 LSL”"*‘-C?‘*’.“ w4 B 5A W) )fb ,\r.|9§ 20
oise &S byl (656 cunle (gl cul pade Lisw a5 i o] 5 a8 i waled yusd ANFIS Ly jojgel dls yo p3 oS
) JSS D ANFIS (gjlone 4 dogi bl (989w (o3 Joe) pade (gl yusio | (il g oo adlis JU iso leicdy oS then
S ol e o slil 4y o639 Cogie mler dlasi g £58 (3505 asuie b Jgl Y 53wl calisee 4 zuy (gl piugn oy
il o odlaiwl 4 dlolee b (cwoS Cuguie a5l Gimoh cpl )0 g oo duslre Cogac 4 S b dg)9

Ha,(x1) = exp {_ (xl — Ci)z} (v)

2g2

b asuie Slas SO lawgy 0aeB o 59 pod 4Y 10 Cowl X1 (63959 polie Hlxe Blyul § 1 Sle Sy O 5 C polde

Sgb oo Silwloy S 4V ;0 sdel Cumdds slayis pow 4V 5D D95 o dmolee (AND [Klos b cpl 13) selgd iy poi 4 d> g5

w; = pualxy) pp (xp) )

1 Membership Function


https://dor.isc.ac/dor/20.1001.1.24235970.1402.11.4.3.5
https://jircsa.ir/article-1-511-en.html

[ Downloaded from jircsa.ir on 2026-02-20 ]

[ DOR: 20.1001.1.24235970.1402.11.4.3.5]

(VEY ) als o o)led) oyl 58T ol salolw £

(Azimi et al., 2018) (535,5 95 L ANFIS o5, G sl - £ S
Figure 4- Structure of ANFIS model with two inputs (Azimi et al., 2018)

_ wy .
W= — i=1,2 @)
GJ1+GJ2

W el 08 ST ol &S poms aY 0 5 A iled sl pled (Gl Ggyme il Y & &S piles Y o
Dgdige Pl 5 (295 il 38 st Lul Y ren )3 29 e dnlre Y (] 4 aisg)5 dan gsazee ulul s

@, .y; = @, (o + g+ 1) (V)
Za v, = Xiw; Vi (M)
[ R | Ziwi

i

adlae cpl ) 098 pasuie (<56 bl pluww Mg (Bg) 9 Silwaite wo)oNl g8 (ol puadil Ghgy 4 il e Can
ol ool 0 odlitil (656 gl piugw deld g Caa i luad (be) g sl wipesl Gleisd Ly wisS)
(Azimi et al., 2018) s> sales 1)l 1y (o5 585 gl ¢3S yal)b olaas o090 s Jdody oylais 51 Sy sledl llas o,

(ANFIS-PSO) 1,3 plad;l gy U omas— 531 glisw! onS o poumanss

&lo g5 g 2lam da g5 Sl dag3g,9 diws Jolis  Slies (651 plitw! piws Hdlo Jgl 56 0 sl 6 g3 Joli 5g, oyl
gzl (56 olg8 oy yne «l)d pladsl (gilwaians i )Xl l oolasiol b pgd 8 50 Migus o iy yai (65 (yled Dlial 55 g Cuguas
o ssbar o] )3 48 3550 121 PSO g, bawgs o8 sl (slotsge a8 Sy Jobd S 5 il Jie ool S 3 85550
.(Jalalkamali and Sheykhbahaei, 2022) 1,5 o ;1,8 455 330 (5518 (sl Jdo ;5 (53, 5 <8 loj

mW 2, s )lre
dy90 S0aSH L plapasls jloslawl Uy da Jas cpl 5l ol ol sl sl ans slo Jao jl jkdle o i bl jglaiea
Olayyo (1ho Hio gla sl 5l Gaiod opl o s (ol 3)50 gla gy (pesd Cd liue e b jad L pl 0555 5148 dunldo
o3l odol Cwddss zuls dulie (gl (MAE) s 3llao ,13 ,Sike 9 (MAPE) "lbas 3lae o yd (nSike (RMSE) et

! Root Mean Square Error
2 Mean Absolute Percentage Error
3 Mean Absolute Error


https://matlab1.ir/wp-content/uploads/2014/07/eq3.png
https://dor.isc.ac/dor/20.1001.1.24235970.1402.11.4.3.5
https://jircsa.ir/article-1-511-en.html

[ Downloaded from jircsa.ir on 2026-02-20 ]

[ DOR: 20.1001.1.24235970.1402.11.4.3.5]

£ e Sowigd (S Je I 03wl b due 515 ST Gos ©llwed (gt vl

L, (4 - F)?

RMSE = |———— (YY)
n
n
-2l
MAPE = — ()
n L|F
i=1
1

A S5 palie Cawl bIE dlusi N g pustio 4y bgype 04 03] (eSS g (00 (5 puS03ll) aBly jlade ey Fi g Ai ladlasly oyl 5o
Gl (pea50 53 0dds 48,5 )54 Jio (oYL s odimd LS o)Ll 3)50 (gl 2t L (gl yao

—(536 gl s 5 (5316 gliil s @Y K (g i s 45 lag, ] adllas pl 53 05 0Ll M3 & ol e
Os=ojl slmesld (gl puls &l & Bro yiso cpl 5wl oaid odldiw! Gue ) o pdaw Gllug i cas dobel aas
Dot oyl 3 el el s pe p3 0ad OLsel (claJde 4y dgdme ¢ ybjgal (slaodld 4 bgyye guls bl g canl o LS|
o ol Sloj oy ool (slmodls gy 5l digus o el odld yo 5l 3ol ygods 48T Jgeme Jlgy pisale (905l (slmodly
o Joe dmodls gaismunds 5 S5 opl 14l olas] (bjgel dls e d lmosls olaol dops VO g wloss Gl duoyd YO ol iue
s S 3l s Sl (009 3:85) 3 ed B 4 olted (sl iloe lse nibe Car PGk Sy L) b
B)lsie 0390 4isly )3 Jao o el )l cpiwae Sl (B pole (ke & G Sind ol 0 Az 000 (6))SS SPRien
A (glym (L) yiolyb oyl ilosel Comsay Caliseo (gla ) S5 o las dunlio g la o (clynl ang BB 1SS 5o,k 5l 555 @l
sbacly (Blar comle do aag Ly —Jae drgi BB 1SS 5 olety sl (slagygy slasi | e &Y Wi (g yiwyy (onas
ol osd plosl Yl 95 0 1S g lai AY ¢ ST el ST Slles (ogy cpl () Jgis) cnl osel Canday
iy Gl 55 S ol 3l (293 ke 5 (939)9 laite (Slaugas 423 Sl ol yiall cul (6)6 gl s 5
Lales alio g )8 sl 3ol jl1) j2lie cp e (Jae g Canl 0ad 03> Jho 0 (639)9 12 (sl (o8 Cugiae b V0 ST
(Y Jois) 2503 dales o]
ol 5ell e cobigel wiapsSl el (536 (sadsd gy Sl eolitil Sy 55 () (sieed srae—(sB glittil s )
2 28 g 5 duslne ¢ Jio Ly asd 10 ST sl 58l b S elal 113 (K5 L el g shios 5l yls &S 1,
S ool gloanlp 5l (B olai cumlo ey () plodji el (oS 5 Jao 0 8W 5 (V Jgiz) 29500 gl el ] el
o )5 a5 (e L5l &5 e 51 (F Jgi) el anlgs 5 1ol 4 )55 02580 S olsl s s 508 4 (it
Pablo Paliz Larrea et al., ) 5)l> (¢, 5yt Cmodl Joo (glone g b yolyl bl & o d)las (adny )3 ¢ b i S
S b A plogl ailate igoj s ol o Gas (sloj (b 5 ciliseo iloj s B L bloyl 5 asls sy Il 3 (2021
¥l i Slej sbapl b djaie Sloj @lyps b sl odel sy gl 8> da Jao oolos (gl 48 0 aseiie 513 st Al 3
@ an ole 8 5l i pLS ST b b dw S pe loj @l sl g ole ¥ 5l i o ST b oligd oS e Sloj @l sl cole
b obb 20K ohRiagh Clidllae 4 sl 39 (hagh @l (wlal 2 (WTAY) (lSes 5 (e (pizen b il
l Ges yusio ol ,u By o ol il , adlas (pl )0 0)lge pl ds do g b 1Y aituils as g5 LB ANFIS Jas 5 ,Slos
ol 00 plool F U Y gl Jgds 10 zydie Sloj clpd b g aiddS cbaole o uojpj

9 4 S S ye loj 3 sl Y i gyt e &b Jaa Sl an cppiee 3980 Mo ) gt 3 &S joboplen
¥ oV gy ol ped g Jol Y slaygy sl g 4Y Y 1) slas claa¥ sl Jae balyd cpl )3 ol ool Candas anlo gy
2 oo ey 85l (5 65 ra &Y Gl 5 e SIISD g5 5 &Y 33 0 sl J] g el 35 s
ol 03] sy +IVNAA g +[VAY o/ NABY Jolxo i iy MAE 5 MAPE RMSE (sla s ls gl ,1,S5 FAY ol


https://dor.isc.ac/dor/20.1001.1.24235970.1402.11.4.3.5
https://jircsa.ir/article-1-511-en.html

[ Downloaded from jircsa.ir on 2026-02-20 ]

[ DOR: 20.1001.1.24235970.1402.11.4.3.5]

(VEY ) als o o)led) oyl 58T ol salolw £y

e o 1y U (5131 41 rgo3l SR0d15 (gl Y Ky (g s pt (S guro (oruas Al ool ool Cunrd s Y i
Table 1- The test results of MLP Model for different delay

Row Delay Number of Neuron in Hidden Layer Epoch Number RMSE MAPE MAE
1 [1] [6 4] 2510 0.1978 0.7663 0.1363
2 [2] [5 8] 759 0.2829 1.1272 0.2103
3 [3] [7 7] 2134 0.3353 1.2959 0.8050
4 [T 2] [7 7] 3764 0.1871 0.7441 0.1308
5 [2 3] [7 4] 52 0.2728 1.0665 0.1909
6 [3 4] [7 5] 2146 0.3137 1.2342 0.2202
7 [1 2 3] [6 4] 481 0.1865 0.6756 0.1251
8 [2 3 4] [7 4] 162 0.2708 0.9534 0.1964
9 [3 4 5] [4 8] 3643 0.3263 1.1969 0.2148
10 [1 3 5] [3 4] 660 0.1857 0.7802 0.1198
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Table 2- The results of FIS model for different delays

Number of Membership

Row Delay Function [Inputs Output] Epoch Number RMSE MAPE MAE
1 [1] [2 7] 22 0.2090 0.7945 0.1365
2 [2] [2 9] 24 0.3106 1.1255 0.2023
3 [3] [2 9] 35 0.3780 1.3834 0.2483
4 [1 2] [4 3 4] 709 0.2251 0.8523 0.1537
5 [2 3] [4 3 4] 709 0.3308 1.2309 0.2214
6 [3 4] [2 3 6] 261 0.3910 1.3801 0.2488
7 [1 2 3] [6 8 5 4] 1639 0.4386 1.8732 0.3353
8 [2 3 4] [6 7 4 3] 1398 0.4375 1.9184 0.3427
9 [3 4 5] [6 8 5 1] 1636 0.4375 1.9207 0.3431
10 [1 3 5] [6 2 4 3] 1249 0.4385 1.9612 0.3498
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Table 3- The test results of ANFIS model for different delay

Row Delay Number of Clusters Epoch Number RMSE MAPE MAE
1 [1] 9 37892 0.1907 0.7792 0.1389
2 [2] 8 14282 0.2901 1.1672 0.2073
3 [3] 10 38997 0.3509 1.4348 0.2545
4 [1 2] 10 10470 0.2025 0.8685 0.1567
5 [2 3] 10 1280 0.3002 1.6870 0.3051
6 [3 4] 4 15612 0.3588 1.4038 0.2491
7 [1 2 3] 7 35263 0.1977 0.7955 0.1418
8 [2 3 4] 10 9690 0.3040 1.5730 0.2840
9 [3 4 5] 5 28155 0.3625 1.4857 0.2643

10 [1 3 5] 3 5819 0.2097 0.7919 0.1414
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Table 4- The test results of ANFIS-PSO model for different delays

Row Delay Epoch Number RMSE MAPE MAE
1 [1] 12345 0.1941 0.6917 0.1242
2 [2] 6842 0.2845 1.0964 0.1957
3 [3] 21523 0.3436 1.3451 0.2399
4 [1 2] 11362 0.1849 0.6959 0.1241
5 [2 3] 14804 0.2893 1.0895 0.1958
6 [3 4] 17618 0.3602 1.3891 0.2481
7 [1 2 3] 5223 0.1886 0.6712 0.1213
8 [2 3 4] 19652 0.2942 1.1492 0.2055
9 [3 4 5] 25161 0.3595 1.4071 0.2513

10 [1 3 5] 13284 0.1923 0.6796 0.1224
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Table 5- The best results of each model in the test step

Row Model Delay RMSE MAPE MAE
1 MLP [1 3 5] 0.1857 0.7802 0.1198
2 ANFIS [1] 0.1907 0.7792 0.1389
3 FIS [1] 0.2090 0.7945 0.1365
4 ANFIS - PSO [1 2 3] 0.1886 0.6712 0.1213
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Table 6- The Model’s ranking and model’s accuracy in testing step for each delay

Row Delay Superior Model RMSE MAPE MAE Test_Rank
1 [1] ANFIS 0.1907 0.7792 0.1389 4
2 [2] MLP 0.2829 1.1272 0.2103 7
3 [3] MLP 0.3353 1.2959 0.8050 10
4 [1 2] MLP 0.1871 0.7402 0.1326 3
5 [2 3] MLP 0.2728 1.0665 0.1909 6
6 [3 4] MLP 0.3137 1.2342 0.2202 8
7 [1 2 3] ANFIS-PSO 0.1865 0.6715 0.1238 2
8 [2 3 4] MLP 0.2708 0.953 0.1964 5
9 [3 4 5] MLP 0.3263 1.1969 0.2148 9
10 [1 3 5] MLP 0.1857 0.6684 0.1198 1
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Table 7- The Ranked Models’ prediction accuracy in Training step

Row Delay Superior Model RMSE MAPE MAE Train_Rank
1 [1] ANFIS 0.2162 0.9622 0.1431 2
2 [2] MLP 2.5939 11.8713 1.9761 10
3 [3] MLP 0.6653 3.3401 0.4956 8
4 [1 2] MLP 0.2750 1.1752 0.1721 3
5 [2 3] MLP 2.4849 11.5801 1.9111 9
6 [3 4] MLP 0.5674 2.5792 0.3898 5
7 [1 2 3] ANFIS-PSO 0.1994 0.9366 0.1397 1
8 [2 3 4] MLP 0.5848 2.6900 0.4128 6
9 [3 4 5] MLP 0.6146 3.0526 0.4597 7
10 [1 3 5] MLP 0.2831 1.3033 0.1909 4
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Figure 5- Temporal variation between measured and computed groundwater depth (a) and linear regression
relationship between measured and computed groundwater depth (b) and distribution curve of the prediction error
(c) by MLP model for delays [1 3 5]
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Figure 6- Temporal variation between measured and computed groundwater depth (a) and linear regression
relationship between measured and computed groundwater depth (b) and distribution curve of the prediction error
(c) by ANFIS - PSO model for delays [1 2 3]
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Figure 7- Temporal variation between measured and computed groundwater depth (a) and linear regression
relationship between measured and computed groundwater depth (b) and distribution curve of the prediction error
(c) by MLP model for delay [1 2]
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